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Hyperspectral remote sensing image
reconstruction method based on compressive sensing
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Northeast Forestry University , Harbin 150040, China)

Abstract: Hyperspectral remote sensing image contains rich space, radiation and spectral information.
Meanwhile, massive data also lead to many problems in the transmission and storage of hyperspectral
imaging technology. To solve this problem, a new method of hyperspectral remote sensing image re-
construction based on compressive sensing is proposed., which combines the spectral correlation and
multi direction prediction. Firstly, according to the spectral correlation of hyperspectral remote
sensing image, the bands of hyperspectral remote sensing image are grouped into each group, each
group is defined as a reference band, and the I, norm algorithm is used to reconstruct the reference
band. Secondly, according to the reference band adjacent reconstructed within the group, a non refer-
ence band prediction model is set up, which is used to calculate the predicted measurement non refer-

ence band value. Then, we calculate the difference between the actual measured value and the predic-

WfE HH#8:2016-10-26 5 1837 H #1:2016-11-28.

ELTH: BREUTAEARFERLE R E (No.C201414) 5 W /R VE 7 i 75 % B4 3k A3 4 5 H (No.2014R
FXXJ040)
Supported by Natural Science Foundation of Heilongjiang province (No.C201414) ; Harbin Good Founda-
tion for Leaders of Disciplines(No.2014RFXX]J040)

* BAEHE & N » E-mail: wangcal1964@126.com



220 W5 B

o532 %

ted measured values, and reconstruct the difference vector difference using SLO algorithm. Finally, by

using difference vector iteration, we update the prediction measurements until the band recoreries the

original image. The simulation results show that the proposed method improves the reconstruction

effect of hyperspectral remote sensing image.

Key words: hyperspectral remote sensing image; compressive sense; prediction model; image recon-

struction
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